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An Interval-Vaued ART Neura Network

ZHAO Hai-yan ,ZHANG Yourliang ,CAO Jian
( CIMS Ingtitute, Nanjing University o Science & Techndogy , Nanjing 210094, China)

Abdtract: Because the sanrple vaues often have an interva feature. D ,in this paper we inprove the ART Neurad Network to
an Interva-vadued ART Neura Network whose inputs of the firg layer and weights between the firgt layer and output layer belong to
the interval-vaued fuzzy sats 1[0,1]. We proposed the Normative Method , Smilar Degree Gonputing Method , Threshold Examining
Method and Learning Rue o the Interva-Vaued ART. At lag ,an exanple of transmisson form choice in the mechanical desgn is
dgven. This exanple proves that our Interval-vaued ART is dfective.

Key words: an interval-vaued ART neurd network ; normetive method ; Smilar degree conmputing method ;threshold examining;
learning rue
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